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Abstract
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We present a method for finding correspondence between two manifolds based on matching their heat kernels. Despite the
combinatorial nature of the problem, we provide a simple algorithm with an appealing interpretation.

Continuous Shape Matching Kernel Matching

Find correspondence between shapes We model the problem as a maximization over a function f(II) consisting of a
X, Y such that nearby points on X are data fitting term (descriptor matching) plus a regularization term promoting the
mapped to nearby points on V. continuity of the map II (kernel matching).
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This algorithm can be interpreted as an alternating diffusion process [6].

Descriptor Matching

Our method falls into the category ot -
descriptor matching. Multiscale

Once we have coarse correspondence, we map estimated Voronoi cells in a decoupled way.
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